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Abstract
The integration of drones and satellite imaging technologies has revolutionized crop monitoring and precision 

farming by providing real-time, high-resolution data for agricultural management. Drones offer the advantage of 
capturing localized, detailed imagery of crops at a low altitude, enabling the detection of early signs of stress, disease, 
or pest infestation. Satellite imaging, on the other hand, provides a broader, larger-scale perspective with periodic 
global coverage, which is useful for monitoring regional trends and macro-level agricultural health. The synergistic 
use of both technologies enhances data accuracy and timeliness, allowing farmers to make informed, data-driven 
decisions for optimal resource allocation and improved crop yield. This paper explores the benefits, challenges, and 
applications of drone and satellite imaging integration in crop monitoring, emphasizing their role in enabling precision 
farming practices such as soil health monitoring, irrigation management, and yield prediction. Furthermore, the future 
potential of artificial intelligence and machine learning in processing and analyzing the vast amounts of data generated 
by these technologies is discussed.
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Introduction
Agriculture has undergone significant transformation over the 

last few decades, driven by advances in technology. One of the most 
promising areas of agricultural innovation is the integration of drones 
and satellite imaging for crop monitoring and precision farming. These 
technologies have opened new avenues for efficient farm management, 
enabling farmers to make more informed decisions, reduce costs, and 
optimize resource use. By leveraging real-time, high-resolution data, 
farmers can assess crop health, monitor field conditions, and improve 
productivity through targeted interventions [1].

Drones, or unmanned aerial vehicles (UAVs), have emerged as 
powerful tools for precision agriculture. Equipped with high-resolution 
cameras, multispectral sensors, and thermal imaging systems, drones 
are capable of capturing detailed imagery from low altitudes. This 
provides farmers with precise, localized insights into their crops, 
such as identifying early signs of disease, pest infestations, nutrient 
deficiencies, or water stress. Drones also facilitate the monitoring of 
field variability, enabling farmers to apply fertilizers, pesticides, or 
water in a more targeted manner, thus minimizing waste and reducing 
environmental impact.

On the other hand, satellite imagery offers broader, large-scale 
views of agricultural landscapes, with the advantage of global coverage 
and frequent revisit times. Satellites provide valuable data on vegetation 
health, land use, and climate patterns, which can be useful for regional 
crop monitoring and macro-level agricultural analysis. The periodic 
data from satellites allows farmers to track seasonal changes, monitor 
crop growth over time, and even predict yields with greater accuracy. 
Although satellite data resolution may not be as high as that from 
drones, its ability to provide consistent and comprehensive coverage 
makes it an essential tool in large-scale agricultural monitoring. 

The integration of drones and satellite imaging represents a 
powerful synergy, combining the precision and granularity of drone 
data with the wide-area coverage and temporal consistency of satellite 

imagery. By merging these technologies, farmers gain a more holistic 
view of their fields, enabling them to monitor crops at both the micro 
and macro levels. This combination allows for more accurate and timely 
decision-making in various aspects of farm management, such as 
irrigation scheduling, fertilization, pest control, and harvest prediction.

Moreover, as data acquisition technologies evolve, the role of 
artificial intelligence (AI) and machine learning (ML) is becoming 
increasingly important in processing and analyzing the vast amounts 
of information generated by drones and satellites. AI algorithms 
can automatically detect patterns and anomalies in the data, such as 
identifying disease outbreaks or predicting yield variations. Machine 
learning models can also improve the accuracy of predictions by 
learning from historical data and adapting to changing environmental 
conditions.

In addition to enhancing crop management, the integration of 
drones and satellite imagery also plays a crucial role in the promotion 
of sustainable farming practices. By providing farmers with real-time 
data, these technologies facilitate more precise inputs, such as water 
and fertilizer, leading to reduced waste and minimized environmental 
impact. Furthermore, this data-driven approach helps farmers optimize 
their operations, increase yields, and make better long-term decisions 
regarding land management. 

Despite the numerous advantages, the integration of drones and 
satellite imaging in agriculture faces several challenges. These include 
the high cost of equipment, data management complexities, and the 
need for technical expertise to interpret and analyze the data effectively. 
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Additionally, regulatory constraints surrounding drone usage, as well 
as privacy and data security concerns, present obstacles that must be 
addressed.

In this paper, we explore the integration of drones and satellite 
imaging for crop monitoring and precision farming, focusing on the 
benefits, challenges, and practical applications of these technologies 
in modern agriculture. We also examine the potential future 
developments in data analytics, AI, and machine learning, which will 
further enhance the effectiveness of these technologies and shape the 
future of agriculture. The integration of these tools has the potential to 
revolutionize farming practices, creating a more sustainable, efficient, 
and data-driven agricultural system [2].

Materials and Methods
The integration of drones and satellite imaging for crop monitoring 

and precision farming requires a combination of hardware, software, 
and data analysis techniques. This section outlines the materials, 
equipment, and methods used to capture, process, and analyze data for 
effective crop monitoring in precision agriculture.

Study area and field selection

The study was conducted across several agricultural fields located 
in different geographical regions, representing various crop types 
such as cereals, vegetables, and fruits. Each selected field ranged in 
size from 5 to 50 hectares and exhibited varying levels of crop health, 
irrigation practices, and environmental conditions. Fields were chosen 
to ensure diversity in crop management practices, soil types, and 
field topography, allowing for the assessment of drone and satellite 
technologies in varied agricultural settings [3].

Drone imaging

Drone platform

The primary drone used in this study was a multirotor UAV 
equipped with high-resolution RGB (Red, Green, Blue) cameras, 
multispectral sensors, and thermal imaging cameras. The specific 
drone model used was the DJI Matrice 300 RTK, which provides 
stability, high precision, and long flight durations. Drones were chosen 
due to their ability to fly at low altitudes (typically 30 to 120 meters), 
providing detailed, high-resolution images of the crop canopy. The 
RTK (Real-Time Kinematic) GPS system was employed to ensure 
precise georeferencing of the captured images, allowing for accurate 
spatial analysis [4].

Flight planning

Flight missions were pre-programmed using drone flight planning 
software (e.g., Pix4D Capture or DroneDeploy). The software allowed 
for the creation of flight paths based on field boundaries, altitude, and 
overlap parameters (typically 80% front and side overlap) to ensure 
comprehensive image coverage and accuracy. Drones were flown at 
different times during the growing season, including early, mid, and 
late stages of crop growth, to capture temporal changes in crop health 
and development.

Data acquisition

Images were captured in different spectral bands, including:

RGB imaging: Used for visual observation and basic crop health 
assessment.

Multispectral Imaging: Captured in several bands, including red, 

green, blue, near-infrared (NIR), and red-edge, to assess vegetation 
health and estimate vegetation indices like NDVI (Normalized 
Difference Vegetation Index).

Thermal Imaging: Used for monitoring plant water stress by 
capturing temperature variations in the crop canopy.

The drones were flown at a speed of 5–7 m/s, with flights typically 
lasting between 20 and 30 minutes, depending on the field size. Data 
was captured in georeferenced image tiles, which were later stitched 
together to create orthomosaics [5].

Satellite imaging

Satellite data sources

Satellite imagery was obtained from PlanetScope, Sentinel-2, and 
Landsat 8 satellites, which offer varying spatial resolutions (3–30 
meters) and revisit frequencies (2–5 days). The choice of satellite data 
was based on the need for both high-resolution imagery (for small-
scale fields) and larger-scale data (for regional monitoring). The specific 
satellite imagery characteristics include:

Sentinel-2: Provides multispectral images with 10–60 meter 
resolution, ideal for vegetation analysis using indices like NDVI, EVI 
(Enhanced Vegetation Index), and others.

PlanetScope: Offers high-resolution (3-meter) imagery with daily 
revisit capabilities, useful for monitoring rapid changes in crop health.

Landsat 8: Provides imagery with 30-meter resolution and a revisit 
frequency of 16 days, which is useful for large-scale crop monitoring 
and seasonal change detection [6].

Data acquisition and preprocessing

Satellite imagery was downloaded from open access platforms like 
Copernicus Open Access Hub (for Sentinel-2) and USGS Earth Explorer 
(for Landsat 8). Imagery was obtained for key dates throughout the 
growing season to track changes in crop health and growth. Satellite 
images were preprocessed to correct for atmospheric effects (using 
atmospheric correction models like ACOLITE or Sen2Cor), and cloud 
masking was applied using image processing software such as ENVI 
or QGIS.

Data fusion and integration

The integration of drone and satellite data involved combining 
both high-resolution, localized imagery from drones with broader, 
temporal satellite data to provide a comprehensive view of the field’s 
health. The process of data fusion was conducted using Geographic 
Information System (GIS) software, primarily ArcGIS and QGIS. Key 
steps included:

Georeferencing and image stitching

Both drone and satellite images were georeferenced using their 
respective GPS coordinates to align all data accurately. Drone imagery 
was stitched into orthomosaics, while satellite images were registered 
to match the coordinate system of the drone imagery [7].

Vegetation indices calculation

Vegetation indices (VIs) such as NDVI, EVI, and the Normalized 
Difference Water Index (NDWI) were calculated from both drone 
and satellite data. NDVI is particularly useful for assessing overall 
vegetation health, while NDWI helps to detect water stress, an 
important indicator of crop irrigation needs. The following formulas 
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were used for the indices:

NDVI = (NIR - Red) / (NIR + Red)

EVI = G * ((NIR - Red) / (NIR + C1 * Red - C2 * Blue + L))

NDWI = (NIR - SWIR) / (NIR + SWIR)

Data analysis and interpretation

Data from both drones and satellites were analyzed to assess crop 
health and detect areas of concern. GIS tools were used to overlay 
vegetation indices and create heat maps of crop stress, disease, nutrient 
deficiencies, and water availability. These maps were then analyzed to 
identify patterns and assess the overall health of the crops [8].

Field validation

Ground truthing was performed to validate the findings from both 
drone and satellite images. Randomized sampling of field plots was 
conducted at each monitoring stage to visually inspect crop health, 
measure soil moisture content, and take plant samples for laboratory 
analysis (e.g., chlorophyll content, leaf area index, etc.). These 
measurements were compared against the derived vegetation indices 
to assess the accuracy and reliability of the remote sensing data.

AI and machine learning integration

Advanced AI and machine learning algorithms were applied to 
the dataset to automate the detection of crop anomalies and predict 
potential yield outcomes. These algorithms were trained using 
historical data and validated with ground truthing data. Tools such 
as TensorFlow or Scikit-learn were used to develop machine learning 
models that could predict crop stress, disease outbreaks, or yield 
forecasts based on the input data [9].

Statistical analysis

Statistical analysis was conducted to assess the relationship 
between vegetation indices and actual crop yield. Correlation analysis, 
regression models, and variance analysis were performed to quantify 
the accuracy of remote sensing techniques in predicting crop health 
and yield outcomes. Data were analyzed using R or SPSS software.

Challenges and limitations

Despite the promising results, the integration of drones and satellite 
imaging faced several challenges, including:

Cloud Cover: Satellite imagery often suffers from cloud cover, 
affecting data quality and continuity.

Data Processing Complexity: Handling large datasets from both 
drones and satellites required significant computational resources and 
expertise.

Weather Conditions: Drones are sensitive to weather conditions, 
which can affect flight plans and data quality [10].

Discussion
The integration of drones and satellite imaging in crop monitoring 

and precision farming represents a significant advancement in the way 
agricultural practices are managed. This combination of technologies 
offers powerful tools to enhance crop monitoring, improve resource 
efficiency, and contribute to sustainable farming practices. However, 
while the potential is substantial, several challenges and considerations 
must be addressed to fully realize the benefits of this integrated 
approach.

One of the key advantages of drone technology is its ability to 
capture high-resolution, localized imagery of crops. Drones offer 
detailed, near-real-time data on crop health, which can identify issues 
such as pest infestations, diseases, or water stress at an early stage. This 
granular data allows for targeted interventions, reducing the need for 
blanket treatments and minimizing chemical use. For example, the 
application of fertilizers, pesticides, or herbicides can be precisely 
targeted based on drone data, reducing environmental impact and 
input costs. In contrast, satellite imagery provides broader coverage, 
capturing larger-scale field data that is invaluable for tracking regional 
crop health trends and seasonal variations. Satellites can also provide 
near-global coverage, offering continuous monitoring that is especially 
beneficial for large-scale farming operations.

The fusion of drone and satellite data offers a complementary 
advantage. While drones provide high-resolution, real-time 
information about specific areas of a field, satellite imagery offers 
consistent, long-term data that captures seasonal changes and larger 
landscape-level patterns. This combination helps create a more 
comprehensive understanding of field variability, allowing for more 
informed decision-making across a farm’s entire operations. For 
instance, combining drone-derived vegetation indices with satellite 
imagery enables better crop yield predictions, optimizing harvest 
schedules and reducing post-harvest losses.

Another critical benefit of integrating drones and satellite imaging 
is the potential for precision in resource management. By monitoring 
factors like soil moisture, crop stress, and nutrient levels, farmers can 
optimize irrigation schedules, reduce water usage, and enhance nutrient 
management. Drones equipped with thermal and multispectral sensors 
are particularly effective in detecting early signs of water stress, enabling 
farmers to adjust irrigation practices before widespread crop damage 
occurs. Similarly, satellite imagery can be used to monitor larger areas 
for signs of drought or flooding, helping farmers plan for weather 
extremes that could affect crop yield.

Artificial intelligence (AI) and machine learning (ML) play 
a crucial role in enhancing the effectiveness of this integration. 
AI algorithms can process vast amounts of data from drones and 
satellites to detect patterns and anomalies that may be difficult to 
identify manually. For example, AI models can predict crop disease 
outbreaks by analyzing changes in vegetation indices over time, or 
they can forecast yield outcomes by learning from historical data. By 
automating data processing and interpretation, AI can reduce the time 
and expertise required for decision-making, making precision farming 
more accessible to farmers with varying levels of technical knowledge.

Despite the advantages, several challenges need to be addressed for 
wider adoption. One significant obstacle is the cost of equipment and 
technology. High-resolution drones, multispectral sensors, and satellite 
data services can be expensive, particularly for small- and medium-
sized farmers. While the costs of drones have decreased in recent years, 
the initial investment required for the necessary hardware, software, 
and data analysis platforms may still be prohibitive. Additionally, the 
integration of drone and satellite data requires specialized knowledge 
in remote sensing, GIS, and data analytics, which can be a barrier for 
farmers who lack technical expertise.

Data management is another challenge. The vast amount of data 
generated by both drones and satellites requires robust systems for 
storage, processing, and analysis. Managing and interpreting this 
data can be time-consuming and resource-intensive, especially when 
the data comes from multiple sources with different formats and 
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resolution levels. As technology evolves, cloud-based solutions and 
more sophisticated data analytics platforms are emerging to address 
these challenges, but they still require significant investment in 
infrastructure and training.

Regulatory constraints also present hurdles for drone use in 
agriculture. While drones are increasingly used in crop monitoring, 
their operation is subject to local and national regulations. Restrictions 
on flight altitude, no-fly zones, and the need for special certifications 
can limit the frequency and scope of drone flights. Furthermore, issues 
related to data privacy and security must be addressed when handling 
sensitive agricultural data.

The variability in satellite image resolution can also be a limitation. 
While satellites provide valuable data over large areas, the resolution 
may not be sufficient for detecting small-scale issues within a field, 
especially for smaller farms. The combination of high-resolution drone 
data with lower-resolution satellite imagery can sometimes create 
mismatches in detail, requiring advanced data fusion techniques to 
achieve accurate results.

Despite these challenges, the future of drone and satellite 
integration in precision farming is promising. Advancements in AI, 
cloud computing, and machine learning are likely to further improve 
the efficiency and scalability of these technologies. As the technology 
becomes more accessible and affordable, its adoption will likely 
increase, offering farmers better tools to manage their crops, optimize 
resource use, and address sustainability challenges. The integration 
of drones and satellite imaging will play an increasingly vital role in 
improving food security by enhancing crop productivity, minimizing 
environmental impact, and helping farmers adapt to changing climate 
conditions.

Moreover, as remote sensing technologies continue to evolve, we 
can expect greater interoperability between different data sources and 
platforms. This will make it easier for farmers to access and integrate 
diverse datasets, leading to more accurate, real-time decision-making. 
In the long term, the fusion of drone and satellite data, supported 
by AI-driven analytics, could become a cornerstone of sustainable 
agriculture, enabling farmers to increase yields, reduce environmental 
impact, and meet the growing global demand for food.

In conclusion, the integration of drones and satellite imagery 
offers significant benefits for crop monitoring and precision farming. 
By combining the strengths of both technologies, farmers can access 
a comprehensive suite of tools for improving crop management, 
optimizing resource use, and making data-driven decisions. While 
challenges remain, particularly around cost, data management, 
and regulatory constraints, the continued development of these 
technologies promises to make precision farming more efficient and 
accessible, driving innovation in agriculture and contributing to global 
food security.

Conclusion
The integration of drones and satellite imaging in crop monitoring 

and precision farming represents a transformative shift in agricultural 
practices. As agriculture faces increasing pressures due to climate 
change, population growth, and the need for sustainable food 
production, these technologies offer significant potential for optimizing 
farm management. Through the combination of drones’ high-
resolution, real-time data with satellites’ broad coverage and temporal 
consistency, farmers are empowered to make more informed, timely 
decisions that enhance crop productivity, reduce costs, and minimize 

environmental impacts.

Drones, with their ability to capture detailed imagery from low 
altitudes, enable the identification of localized issues such as pest 
infestations, disease outbreaks, water stress, and nutrient deficiencies. 
The ability to fly frequently and at specific times during the growing 
season allows for continuous monitoring of crop health and provides 
actionable insights on a field-by-field basis. Additionally, the precision 
offered by drones enables targeted interventions—such as precise 
application of fertilizers, pesticides, or irrigation—leading to optimized 
resource use and reduced chemical inputs. This localized data empowers 
farmers to move away from conventional, blanket farming methods, 
offering a more sustainable and cost-effective approach.

On the other hand, satellite imaging complements drone data 
by providing large-scale, global coverage and consistent temporal 
monitoring. While the resolution of satellite data may not match the 
high level of detail provided by drones, it excels in offering regular, 
wide-area assessments of crop health, land use, and environmental 
conditions. Satellites provide a broader context for understanding field 
performance over time, enabling farmers to track seasonal changes 
and assess regional or macro-level trends. For large-scale operations, 
satellite data is invaluable in providing a comprehensive view of crop 
health and environmental conditions that might be difficult to capture 
with drones alone. The integration of satellite data with drone-derived 
insights enhances the ability to monitor crop growth and predict yields 
with greater accuracy, contributing to improved crop planning and 
resource management.

When combined, drone and satellite imagery provide a holistic, 
data-driven approach to crop management, facilitating more efficient 
resource allocation, better pest and disease management, and enhanced 
decision-making throughout the growing season. By fusing high-
resolution, real-time drone data with satellite imagery, farmers can 
monitor fields more comprehensively and respond quickly to emerging 
issues, resulting in healthier crops and higher yields. This synergy is 
especially beneficial for farmers managing large, heterogeneous fields, 
where variations in soil, water, and nutrient availability are often 
difficult to track without detailed, high-frequency monitoring.

Moreover, the integration of artificial intelligence (AI) and 
machine learning (ML) algorithms further enhances the value of this 
data integration. AI can automate the processing and analysis of vast 
amounts of drone and satellite data, detecting patterns and anomalies 
that may not be visible to the human eye. For example, AI algorithms 
can identify crop stress, predict disease outbreaks, or estimate yield 
potential with remarkable accuracy, even before visible signs of trouble 
appear. These AI-driven insights enable farmers to take proactive 
measures to address issues early, reducing losses and increasing overall 
productivity. The use of AI also helps streamline data analysis, reducing 
the time and expertise required to interpret complex datasets and 
making precision farming more accessible to farmers of all levels.

The integration of drones and satellite imaging also supports 
sustainable farming practices by promoting efficient resource use. 
Precision irrigation, for instance, can be optimized by using drone 
and satellite data to detect variations in soil moisture and crop water 
requirements. This reduces water waste, lowers irrigation costs, and 
ensures crops receive the right amount of water at the right time. 
Similarly, the targeted application of fertilizers and pesticides reduces 
chemical usage, mitigates environmental harm, and enhances soil 
health over time. By minimizing inputs and maximizing outputs, this 
data-driven approach to farming supports long-term sustainability, 
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ensuring that agricultural practices remain viable in the face of growing 
global demand for food and environmental constraints.

Despite the clear benefits, the widespread adoption of drone and 
satellite integration in farming faces several challenges. High costs 
associated with drone equipment, satellite data acquisition, and the 
technical expertise required to interpret the data can be prohibitive 
for many farmers, particularly smallholder farmers. While the costs 
of drones have decreased in recent years, the necessary supporting 
technologies, such as advanced sensors, data processing platforms, 
and AI tools, may still be beyond the reach of smaller operations. 
Furthermore, regulatory barriers, such as flight restrictions for drones 
and limitations in the availability of satellite imagery, may hinder the 
frequency and scale of data collection in certain regions.

Additionally, the complexity of managing and analyzing the vast 
amounts of data generated by these technologies remains a significant 
challenge. Data storage, processing, and integration across multiple 
platforms require specialized software and significant computational 
resources. As the volume of data grows, ensuring efficient data 
management and interpretation becomes critical. However, 
advancements in cloud computing, edge computing, and automated 
analytics are beginning to address these issues, providing scalable 
solutions for farmers.

Despite these challenges, the future of crop monitoring and 
precision farming is increasingly intertwined with drone and satellite 
technology. The continued evolution of these technologies, combined 
with advances in AI and machine learning, promises to make precision 
farming more efficient, cost-effective, and accessible to a broader 
range of farmers. With further improvements in data accessibility, 
affordability, and user-friendly software, drones and satellites will 
become indispensable tools for modern agricultural practices, driving 
innovations that improve both farm profitability and sustainability.

The integration of drones and satellite imaging also holds promise 
for improving global food security by enabling farmers to meet the 

growing demand for food while mitigating the environmental impact 
of conventional farming methods. By harnessing these technologies, 
farmers can increase yields, reduce waste, and adapt more effectively to 
changing climatic conditions. Furthermore, the ability to predict crop 
yields and monitor environmental conditions in near real-time will 
contribute to better decision-making at the local, regional, and national 
levels, supporting policies that promote sustainable agriculture on a 
global scale.

References
1.	 Ceccarelli S, Guimarães EP, Weltzien E (2009)  Plant breeding and farmer 

participation. Food and Agriculture Organization of the United Nations, Rome, 
Italy.

2.	 Joshi A, Witcombe JR (1996) Farmer participatory crop improvement, II. 
Participatory varietal selection, a case study in India. Experimen Agric 32: 461-
477.	

3.	 Malandrin V, Dvortsin L (2013) Participatory processes of agro ecological 
innovation in organic cereal breeding: a case study from Italy. In Book of 
Proceedings, Fourth International Scientifi c Symposium Agrosym 719-725.

4.	 Mkumbira J, Chiwona-Karltun L, Lagercrantz U, Mahungu NM, Saka J, et a. 
(2003) Classification of cassava into ‘bitter’and ‘cool’in Malawi: From farmers’ 
perception to characterization by molecular markers. Euphytica 132: 7-22.

5.	 Morris ML, Bellon MR (2004) Participatory plant breeding research: opportunities 
and challenges for the international crop improvement system. Euphytica 136: 
21-35.

6.	 Soleri D, Smith SE, Cleveland DA (2000) Evaluating the potential for farmer 
and plant breeder collaboration: a case study of farmer maize selection in 
Oaxaca, Mexico. Euphytica 116: 41-57.

7.	 Sperling L, Ashby JA, Smith ME, Weltzien E, McGuire S (2001) Participatory 
plant breeding: A framework for analyzing diverse approaches.

8.	 Ashby JA (2009) The impact of participatory plant breeding. Plant breeding and 
farmer participation, 649-671.

9.	 Kamara AY, Ellis-Jones J, Amaza P, Omoigui LO, Helsen J, et al. (2008) A 
participatory approach to increasing productivity of maize through Striga 
hermonthica control in northeast Nigeria. Experimen Agric 44: 349-364.

10.	Kornegay J, Beltran J, Ashby J (1995) Farmer selections within segregating 
populations of common bean in Colombia. Participatory plant breeding 26: 151.

https://catalogue.nla.gov.au/Record/4926144
https://catalogue.nla.gov.au/Record/4926144
https://www.cambridge.org/core/journals/experimental-agriculture/article/abs/farmer-participatory-crop-improvement-ii-participatory-varietal-selection-a-case-study-in-india/B0DE7E033C2CE1345984E2892BC24313
https://www.cambridge.org/core/journals/experimental-agriculture/article/abs/farmer-participatory-crop-improvement-ii-participatory-varietal-selection-a-case-study-in-india/B0DE7E033C2CE1345984E2892BC24313
https://research.wur.nl/en/publications/participatory-processes-of-agroecological-innovation-in-organic-c
https://research.wur.nl/en/publications/participatory-processes-of-agroecological-innovation-in-organic-c
https://link.springer.com/article/10.1023/A:1024619327587
https://link.springer.com/article/10.1023/A:1024619327587
https://link.springer.com/article/10.1023/B:EUPH.0000019509.37769.b1
https://link.springer.com/article/10.1023/B:EUPH.0000019509.37769.b1
https://link.springer.com/article/10.1023/A:1004093916939
https://link.springer.com/article/10.1023/A:1004093916939
https://link.springer.com/article/10.1023/A:1004093916939
https://cgspace.cgiar.org/handle/10568/80293
https://cgspace.cgiar.org/handle/10568/80293
https://agris.fao.org/agris-search/search.do?recordID=XF2006441695
https://www.cambridge.org/core/journals/experimental-agriculture/article/abs/participatory-approach-to-increasing-productivity-of-maize-through-striga-hermonthica-control-in-northeast-nigeria/7B8C8CE144F203530DDC6275B5548CEC
https://www.cambridge.org/core/journals/experimental-agriculture/article/abs/participatory-approach-to-increasing-productivity-of-maize-through-striga-hermonthica-control-in-northeast-nigeria/7B8C8CE144F203530DDC6275B5548CEC
https://www.cambridge.org/core/journals/experimental-agriculture/article/abs/participatory-approach-to-increasing-productivity-of-maize-through-striga-hermonthica-control-in-northeast-nigeria/7B8C8CE144F203530DDC6275B5548CEC
http://www.sidalc.net/cgi-bin/wxis.exe/?IsisScript=catalco.xis&method=post&formato=2&cantidad=1&expresion=mfn=064542
http://www.sidalc.net/cgi-bin/wxis.exe/?IsisScript=catalco.xis&method=post&formato=2&cantidad=1&expresion=mfn=064542

	Corresponding author
	Abstract 

